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sion Models for Scientific Inverse Problems [Spotlight Paper]. In International conference on
learning representations (iclr). Spotlight Paper. 2025.

[78] *Atterholt, J., Wilding, J. D., & Ross, Z. E. (2024). The Evolution of Fault Orientation in
the 2019 Ridgecrest Earthquake Sequence with a New Long-Term Catalog of Seismicity and
Moment Tensors. Geophysical Journal International.

[77] *Shi, Y., Gao, A. F., Ross, Z. E., & Azizzadenesheli, K. (2024a). Universal Functional Re-
gression with Neural Operator Flows [in press]. Transactions on Machine Learning Research.

[76] *Wilding, J. D., & Ross, Z. E. (2024b). Rift zone architecture and inflation-driven seismicity
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[54] American Geophysical Union, December 2025.
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[52] Earthquake Research Institute, University of Tokyo, May 2025
[51] Distinctive Voices Lecture, Beckman Center, National Academy of Sciences, January 2025.
[50] Earthquake Research Institute, University of Tokyo, April 2024.
[49] Machine Learning in Solid Earth Geoscience, Santa Fe, NM, January 2024.
[48] Committee on Seismology and Geodynamics, National Academy of Sciences, November 2023.
[47] University of California, Berkeley, Berkeley Seismological Laboratory Seminar, August 2023.
[46] American Geophysical Union, December 2023.
[45] ERC TECTONIC Workshop: Earthquake Physics and Applications of Machine Learning to

Tectonic Faulting, Rome, Italy, September 2023.
[44] Earthquake Research Institute, University of Tokyo, December 2022.
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[31] American Geophysical Union, December 2020.
[30] Geological Society of America, October 2020.
[29] Center for Nonlinear Studies, Los Alamos National Laboratory, Machine Learning in Solid

Earth Geoscience, Santa Fe, NM, March 2020. (canceled due to COVID-19).
[28] The structural architecture of fault zones and its role in earthquake physics, University of
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[25] The structural architecture of fault zones at depth, IRIS SAGE/GAGE, Portland, October
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[23] Earthquakes and the era of artificial intelligence, Jet Propulsion Laboratory, Pasadena, CA,
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[20] A Deep Learning Pipeline for Earthquake Detection, StatSei11, Hakone, Japan, August 2019.
[19] A Deep Learning Pipeline for Earthquake Detection, Seismological Society of America Annual

Meeting, Seattle, WA, April 2019.
[18] A Deep Learning Pipeline for Earthquake Detection, Machine Learning in Solid Earth Geo-

science, Santa Fe, NM, March 2019.
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[17] A deep learning approach to seismic phase association, American Geophysical Union, Wash-
ington, D.C., December 2018.

[16] Detection of earthquakes, phases, and first-motion polarities with deep learning, International
Induced Seismicity Workshop, Banff, Canada, October 2018.

[15] How big data and artificial intelligence are transforming seismology, GPS Division Seminar,
California Institute of Technology, October 2018.

[14] Detecting millions of earthquakes in Southern California with template matching, Southern
California Earthquake Center, Palm Springs, CA, September 2018.

[13] Earthquakes and artificial intelligence, Berkeley Seismological Laboratory, UC Berkeley,
Berkeley, CA September 2018.

[12] Earthquakes and artificial intelligence, United States Geological Survey, Golden, Golden, CO,
July 2018.

[11] Detecting millions of earthquakes in Southern California with template matching, ETH
Zurich, June, 2018.

[10] Generalized seismic phase detectors with deep learning, Seismological Society of America
Annual Meeting, Miami, FL, May, 2018.

[9] Generalized seismic phase detectors with deep learning, Lawrence Livermore National Labo-
ratory, Livermore, CA, April 2018.

[8] Connecting fault zone structure and earthquake source processes, IGPP Seminar, Scripps
Institution of Oceanography, San Diego, CA, January 2018.

[7] Aftershocks driven by afterslip and fluid pressure sweeping through a fault-fracture mesh.
American Geophysical Union, New Orleans, LA, December 2017.

[6] Connecting fault zone structure and earthquake source processes, University of California,
Los Angeles, Los Angeles, CA, October 2017.

[5] Using GPU clusters to detect millions of earthquakes in southern California with template
matching. Stanford University, Stanford, CA, February 2017.

[4] Toward reliable automated estimates of earthquake source properties of body wave spectra.
American Geophysical Union, San Francisco, CA, December 2016.

[3] Applying automatic techniques to large seismic datasets for comprehensive studies of regional
and fault zone environments. Department of Earth and Planetary Sciences, University of
California, Santa Cruz, Santa Cruz, CA, October 2015.

[2] Applying automatic techniques to large seismic datasets for comprehensive studies of re-
gional and fault zone environments. Seismolab Seminar, California Institute of Technology,
Pasadena, CA, April 2015.

[1] Automatic detection and picking of direct P, S and fault zone head & trapped waves. Tec-
tonics Seminar, Department of Earth and Space Sciences, UCLA, Los Angeles, CA, January
2015.

Courses Taught

Ge165 Geophysical Inverse Theory
Ge166 Machine Learning in Geophysics
Ge271 Dynamics of Seismicity
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Ph.D. students

Manuela Hurtado Betancur (2026-present; GPS)
Siavash Rahimi (2025-present; CMS)
Soyeon Park (2024-present; GPS)
Chenxi Kong (2023-present; GPS)
Rajani Shrestha (2023-present; GPS)
Caifeng Zou (2022-present; GPS)
Yaozhong Shi (2022-2026; MCE, joint with D. Asimaki)
Valeria Villa (2021-present; GPS)
Yan Yang (2021-2023; GPS), Postdoc, Scripps Institution of Oceanography, UCSD
John Wilding (2020-2026; GPS), Postdoc, The University of Texas at Austin
James Atterholt (2019-2024; GPS), Assistant Professor, University of Arizona
Angela Gao (2019-2025; main advisor K. Bouman in CMS)
Ben Strozewski (2019-2022; GPS)
Yuan-Kai Liu (2019-2022; GPS), Postdoc, Stanford University

Postdoctoral Scholars

Quentin Higueret (2026-present)
Shaked Engelberg (2026-present)
Huiyun Guo (2024-present)
Taiyi Wang (2024-2026), Assistant Professor, The University of Texas at Austin
Zhi-ang Chen (2023-2025), Postdoc, Arizona State University
Hongyu Sun (2022-2024), Assistant Professor, University of Texas, El Paso
Greg Lavrentiadis (2022-2025), Assistant Professor of Civil Engineering, SUNY Buffalo. (Co-advised

w/ D. Asimaki)
Weiqiang Zhu (2021-2023), Assistant Professor, University of California, Berkeley
Manuel Florez-Torres (2019-2022) Assistant Professor, Universidad Industrial de Santander
Erik Ramirez (2021-2022), Researcher, Universidad Autónoma de Baja California
Jonathan Smith (2019-2021), Principal Research Scientist, British Antarctic Survey
Bing Li (2019-2021), Assistant Professor, University of Western Ontario

Visiting Scholars

Shinya Katoh (2024), Earthquake Research Institute, University of Tokyo
Hiromichi Nagao (2023), Earthquake Research Institute, University of Tokyo
Giulio Poggiali (2022), INGV, Roma, Italy

Service to the Profession

Member, California Earthquake Prediction Evaluation Council (CEPEC), 2025-present
Board Officer, Statewide California Earthquake Center, 2025-present
Member, Board of Directors, Statewide California Earthquake Center, 2024-present
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Member, Board of Directors, Southern California Earthquake Center, 2021-2024
Associate Editor, The Seismic Record, 2020-present
SCEC Standing Committee for Research Computing and Cyberinfrastructure, 2021-2023
Member of NSF EAR Review Panel
Member of USGS NEHRP External Grant Review Panel
Member of Dept. of Energy Review Panel, Los Alamos National Laboratory, January 2019.
Scientific organizing committee for StatSei12 workshop in Carges, Corsica, October 2022.
SCEC Task Force on Research Computing and Cyberinfrastructure, 2021.
Keiiti Aki Early Career Award Selection Committee, AGU Seismology Section, 2021-2022.
Instructor for AGU Seismology Summer School on Machine Learning, August 2020.
Guest editor at Bulletin of the Seismological Society of America for the Ridgecrest earthquake

special issue, 2019-2020.
Session convener on “The 2019 M6.4 Searles Valley and M7.1 Ridgecrest Earthquakes”, American

Geophysical Union, 2019.
Session convener on “How do earthquakes start?”, American Geophysical Union, 2019.
Invited speaker at National Academy of Sciences, Committee on Seismology and Geodynamics,

“Searching for hidden earthquakes in southern California”, October 2019.
Congressional Briefing on “Machine Learning in Seismology: Using AI to Improve Earthquake Mon-

itoring”, United States Senate, February 2019.
Reviewer for Bulletin of the Seismological Society of America; 2016, 2017, 2018, 2019, 2020
Reviewer for Department of Energy ; 2019, 2020, 2021, 2022
Reviewer for European Research Council ; 2018, 2021
Reviewer for G3 ; 2018, 2021
Reviewer for Geophysical Journal International ; 2017, 2018, 2021
Reviewer for Geophysical Research Letters; 2017, 2018, 2019, 2024
Reviewer for IEEE Transactions on Geoscience and Remote Sensing ; 2018, 2019, 2020, 2021
Reviewer for Israeli Science Foundation; 2022, 2024
Reviewer for Journal of Geophysical Research – Solid Earth; 2016, 2017, 2019, 2021, 2022, 2023
Reviewer for National Science Foundation; 2018, 2019, 2020, 2021, 2023, 2024
Reviewer for Nature; 2022
Reviewer for Nature Communications; 2019, 2020, 2023,
Reviewer for Nature Geoscience; 2021, 2022
Reviewer for Physics of the Earth and Planetary Interior ; 2018
Reviewer for Pure and Applied Geophysics; 2018
Reviewer for Rock Mechanics and Rock Engineering ; 2019
Reviewer for Science; 2021, 2022
Reviewer for Science Advances; 2018, 2019, 2020, 2024
Reviewer for Scientific Reports; 2019
Reviewer for Seismological Research Letters; 2018, 2020, 2023
Reviewer for Singapore National Research Foundation; 2020.
Reviewer for Tectonophysics ; 2016, 2020
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Professional Associations

Member, American Association for the Advancement of Science (AAAS)
Member, American Geophysical Union
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